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We made three forecasts: optimistic, medium,
and pessimistic, projected in EViews (Figure 1.4).
The medium and pessimistic forecasts indicate a
downward trend, averaging between 52.65 and
61.67, while the optimistic scenario predicts an
average price of 72.02.

Based on the Correlation Matrix (Figure 1.2), a high the Principal Component Graph (Figure 1.3).
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Due to the current political and social situation
worldwide, we consider that the stock price
behavior will likely continue its course between
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Based on the analysis conducted, it is concluded that the stock price of Grupo Bimbo is
significantly influenced by macroeconomic variables such as gold, wheat prices, and the IPC,
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https://es.tradingview.com/chart/3nPcUmCn/?symbol=BMV%3ABIMBO%2F A remains around 62.64, with an optimistic projection reaChlng up to 72.02.
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